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Abstract:  Classification of patient samples with gene expression profiles is important to cancer treaiment. In the large redur

dant and high dimensional gene expression data, a cancer is sensitive to some cancerogenic factors while another cancer is sensitive

to some others. So we proposed a weight based classification with relative space(WCRS). The main idea is that a cancer’ s relative

space is obtained via the diagonalization of its covariance matrix, and we built the cancer s model based on its relative space. Then

the energy of a cancer is presented for measuring its relative spaces, and a minimal spread space based classification algorithm is

proposed. The experiments show WCRS makes better precision than traditional classifications.
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